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Supplementary Materials
1. Below are Descriptions about Why Control Variables are Included in the Model 
Literature about Control Variables 
Users’ privacy concerns and privacy management behavior may further depend on their individual differences. This is also reflected in the tenets of the U&G approach, where psychological and social characteristics of media users contribute to their media use outcomes (Kim & Haridakis, 2009). Hoy and Milne (2010) found that females took more privacy protection strategies than males, supporting gender differences in users’ privacy concerns and management. Goldfarb and Tucker (2012) found in a marketing study that older people are less likely to reveal private information, which demonstrates a positive relationship between age and privacy concerns. Furthermore, the perception of control over external forces could be an influential factor. Feeling a lack of control may evoke users’ privacy concerns and lead individuals to withhold information, even in cases where the chance of being exposed to actual risks is low (Brandimarte et al., 2012). Additionally, people’s technology use experiences could affect their privacy settings. Cho and colleagues (2020) suggest that for power smart speaker users, providing them with privacy customization options will actually undermine their trust toward Alexa because those power users have fully explored the affordances related to privacy control. Adding these customization options is perceived as an impediment to positive user experience. These findings have indicated that users’ gender, age, internal locus of control, and technology use experiences may all affect their perception of privacy risks and management. Therefore, we propose the following research question. 
Measures of Control Variables
In addition to age and gender, participants responded to a five-point item asking about their experience in using smart speakers (M = 3.58, SD = 1.04) (1 = not experienced at all, 5 = very experienced). Internal locus of control (M = 3.65, SD = .68,  = .70) was measured using previous measures (Sapp & Harrod, 1993). Participants responded to five five-point items (1 = strongly disagree, 5 = strongly agree). The items included “my life is determined by my own actions” and “my life is chiefly controlled by powerful others.” 

Results about the Effects of Control Variables are Shown in the Table.
Table 
The effects of control variables on endogenous variables
	
	Medium-as-social-actor Presence
	Privacy Concerns
	Privacy setting review
	Ownership protection

	
	B (SE)
	B (SE)
	B (SE)
	B (SE)

	Age
	.01 (.00)**
	-.00 (.00)
	.00 (.00)
	.02 (.00)***

	Gender
	-.12 (.06)
	.03 (.07)
	-.13 (.07)
	.08 (.10)

	Use experiences
	.01 (.03)
	-.03 (.04)
	.13 (.04)**
	.07 (.05)

	Internal locus of control
	.13 (.05)*
	-.18 (.05)***
	-.06 (.05)
	-.18 (.08)*


Note: * p < .05; ** p < .01, *** p < .001.


Discussion about the Effects of Control Variables
Results about the effects of control variables suggested that older people were more likely to perceive the machine as a social actor, and thus were more protective of their personal and friends’ information. The results are compatible with the finding that age affects users’ social presence in AI use (Edwards et al., 2019). One possible explanation would be that older people prefer to interact with machines via voices, as voice control could substantially reduce their cognitive load compared to the effortful behavior such as logging on websites and navigating webpage interfaces. The results further indicated that experienced users were more likely to review their privacy settings, which confirmed that power users exploit the technologies and interfaces more thoroughly and efficiently than non-power users (Manber et al., 2000; Zhong, 2013). 
Those who scored high on internal locus of control reported stronger medium-as-social-actor presence, lower privacy concerns, and less ownership protection, meaning that those who believe that they have the control over their own life tend to have more trust in the smart speakers, express fewer privacy concerns, and share more personal information with the smart speakers. The results corroborated prior research where perceived control over information lowered users’ concerns and led individuals to disclose more information (Brandimarte et al., 2012). Gender did not have effects on users’ privacy perception or management. Although the results challenge the proposition that females are more protective than males toward privacy (Petronio, 2002; Hoy & Milne, 2010), they align with a recent study that confirmed the gender similarities in managing privacy on social media (Zhang & Fu, 2020). Considering the mixed findings, more research is needed to validate the role of gender in users’ privacy management. 



2. Discussion about The Path from Personal Utility to Privacy Setting Review based on Indices Modification in Structural Equation Modeling
The model suggested that personal utility had strong effects on users’ privacy setting review. That is, when users use the speaker for personal tasks, they will be more likely to supervise the access of the extensions, delete their conversation history, and update the privacy settings to ensure their domination of the sensitive information. The relationship supported Child et al.’s (2012) finding that those who shared more private information on social media spent more effort overseeing their privacy and deleting old posts. The path is also aligned with previous research on the relationship between motivation and privacy management, in which Lampe et al. (2010) found that informational purposes of participation in online communities positively predicted people’s tendency to use anonymous profiles. Spiliotopoulos and Oakley (2013) also found that Facebook users motivated by its networking functions more actively modified the privacy settings to relieve their privacy concerns. 




3. Discussion about the Non-Significant Effects in the model 
The Non-Significant Effects of Music Exploration and Multitasking on Privacy Concerns 
Unlike personal utility and enjoyment, music exploration and multitasking did not exert effects on users’ privacy concerns, indicating that users may feel less disturbed by privacy issues when they pay less attention to the smart speaker or when they merely use the speaker to discover music. It might also be because users are more open to receiving music recommendations compared with other services, such as recommendations for online consumer products, as past work has shown that users’ acceptance of online recommendations is dependent upon their privacy preferences (Meng et al., 2018). 
The Non-Significant Effects of Music Exploration and Multitasking on Social Presence 
Multitasking and music exploration did not lead to users’ perception of the speaker as a social actor. These results are consistent with Ratan et al.’s (2007) finding that multitasking performances are not directly associated with presence experiences. While it is true that multitaskers and music lovers should perceive the smart speaker as a companion, the non-significant relationship could be attributed to the reduced attention that users pay to the smart speaker during their multitasking or music listening activities. As social presence experiences require heightened levels of attention to the media content (Solomon & Wash, 2014; Wirth et al., 2007), multitasking and music exploration may have led users to perceive the smart speaker as merely a functional instrument rather than a communicative device per se. 
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